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CONVERSATIONS 

IN THE 
CLASSROOM



• Part 1. Tech philosophy
⚬ Ho w s ho uld  a p p ro a c h ne w te c hno lo g y?

￭ Our te c h p hilo s o p hy

• Pa rt 2 . Build ing  yo ur te c h p hilo s o p hy

⚬ Te a c hing  Philo s o p hy

⚬ AI Philo s o p hy 

AGENDA



1.C u rio s it y 2 . He a lt h y  S ke p t ic is m  

HOW SHOULD WE APPROACH 
TECHNOLOGY? 

Ca n this  te c hno lo g y e ffe c tive ly g ive  
us  b a c k o ur time ? W ha t is  its  

p o te ntia l fo r ne w p o s itive  
d is c o ve rie s ? 

Do e s  this  te c h a c tua lly d e live r wha t 
it  p ro mis e s ? W ho  b e ne fits  fro m o ur 

us e  o f this  te c hno lo g y (te c h 
mo no p o lie s , c o mme rc e  mo d e ls , 

e tc .)?   

https://docs.google.com/document/d/1FuAxZ9Ii7_GPDq3AD9G8LpU2pw84gRhGuY5yIA9azdc/edit?usp=sharing


TEACHING / AI PHILOSOPHY

Creating a teaching 
philosophy involves 
articulation of your beliefs 
about teaching and  
learning , and providing 
concrete examples of how 
you apply these beliefs in 
practice .

Teaching Philosophy
Creating a teaching 
philosophy about AI use 
in the classroom requires 
careful reflection  on how 
artificial intelligence 
enhances learning , 
supports critical 
thinking , and aligns with 
ethical considerations . 

AI Philosophy



Teaching 
Philosophy

Tech 
Philosophy

AI



Once you have your AI value framework you 
d o n’t ha ve  to  ima g ine  a nd  p la n fo r e ve ry 

s c e na rio  invo lving  AI. 

Ra the r yo u re turn to  yo ur fra me wo rk b a s e d  
o n yo ur values  a nd  desired student 

outcomes .  

THESIS



1.Be lie fs  a b o ut te a c hing  

a nd  le a rning

2 .Te a c hing  me tho d s

3 .Le a rning  o utc o me s

WHAT IS YOUR 
TEACHING 
PHILOSOPHY?



Care is the catalyst that generates intrinsic motivation. Once students believe their instructor cares, they 
a re  willing  to  c o nne c t. Onc e  a  c o nne c tio n ha s  b e e n e s ta b lis he d , a  le a rning  c o mmunity c a n d e ve lo p  a nd  

s p re a d , e xp o ne ntia lly inc re a s ing  the  re a c h o f kno wle d g e  s ha re d . 

TEACHING PHILOSOPHY: FOSTERING 
CARE, CONNECTION, AND COMMUNITY 

IN EDUCATION



In addition to transparency we believe in the transformative power of care, connection, and community. This teaching philosop hy is  b uilt up o n the  id e a  

tha t whe n we  p rio ritize  the  e mo tio na l we ll-b e ing  a nd  e ng a g e me nt o f o ur s tud e nts , we  c re a te  a n e nviro nme nt whe re  le a rning  flo uris he s  na tura lly. As  

e d uc a to rs , o ur mis s io n is  to  nurture  the s e  e le me nts , s e rving  a s  the  c a ta lys t fo r p e rs o na l a nd  inte lle c tua l g ro wth.

1. Ca re : Ca re  is  the  c o rne rs to ne  o f e ffe c tive  te a c hing . It is  thro ug h g e nuine  c a re  tha t s tud e nts  fe e l va lue d , re s p e c te d , a nd  s up p o rte d  in the ir le a rning  

jo urne y. Ca re  me a ns  und e rs ta nd ing  the  uniq ue  ne e d s  a nd  c irc ums ta nc e s  o f e a c h s tud e nt, p ro vid ing  a  s a fe  a nd  inc lus ive  s p a c e  whe re  the y c a n 

e xp re s s  the ms e lve s  witho ut fe a r o f jud g me nt. It  invo lve s  a c tive  lis te ning , e mp a thy, a nd  a  c o mmitme nt to  the ir ho lis tic  d e ve lo p me nt.

⚬ In p ra c tic e , c a re  me a ns  ta king  the  time  to  g e t to  kno w yo ur s tud e nts  a s  ind ivid ua ls , a c kno wle d g ing  the ir s tre ng ths  a nd  c ha lle ng e s , a nd  o ffe ring  

g uid a nc e  a nd  e nc o ura g e me nt ta ilo re d  to  the ir s p e c ific  c irc ums ta nc e s . W he n s tud e nts  s e ns e  tha t the ir ins truc to r g e nuine ly c a re s  ab o ut the ir 

s uc c e s s  a nd  we ll-b e ing , the y a re  mo re  like ly to  b e c o me  intrins ic a lly mo tiva te d  le a rne rs .

2 .Co nne c tio n: Onc e  c a re  is  e s ta b lis he d , it  fo rms  the  fo und a tio n up o n whic h c o nne c tio ns  a re  b uilt. Co nne c tio n in e d uc a tio n is  a  two -wa y s tre e t; it  

invo lve s  no t o nly the  ins truc to r's  c o nne c tio n with e a c h s tud e nt b ut a ls o  fo s te ring  c o nne c tio ns  a mo ng  s tud e nts  the ms e lve s . In a  c o nne c te d  

c la s s ro o m, d ia lo g ue  flo ws  fre e ly, a nd  trus t is  nurture d .

⚬ To  c re a te  the s e  c o nne c tio ns , we  s trive  to  b e  a p p ro a c ha b le  a nd  a c c e s s ib le  to  o ur s tud e nts . W e  e nc o ura g e  o p e n c o mmunic a tio n, a c tive  

p a rtic ip a tio n, a nd  c o lla b o ra tio n. W e  va lue  d ive rs e  p e rs p e c tive s  a nd  fo s te r a n e nviro nme nt whe re  s tud e nts  fe e l c o mfo rta b le  s ha ring  the ir tho ug hts  

a nd  id e a s . In d o ing  s o , we  a im  to  b rid g e  the  g a p  b e twe e n the  ins truc to r a nd  s tud e nts  a nd  a mo ng  the  s tud e nts  the ms e lve s , fa c ilita ting  a  d e e p e r 

a nd  mo re  me a ning ful le a rning  e xp e rie nc e .

3 .Co mmunity: Fro m the s e  ind ivid ua l c o nne c tio ns  e me rg e s  the  c o nc e p t o f a  le a rning  c o mmunity. A le a rning  c o mmunity is  a  d yna mic  a nd  inc lus ive  s p a c e  

whe re  kno wle d g e  is  no t jus t tra ns fe rre d  b ut c o -c re a te d . It is  a  s p a c e  whe re  s tud e nts  fe e l a  s e ns e  o f b e lo ng ing  a nd  o wne rs hip , whe re  the ir vo ic e s  a re  

he a rd , a nd  the ir c o ntrib utio ns  a re  va lue d .

⚬ To  b uild  a  le a rning  c o mmunity, W e  p ro mo te  a  c ulture  o f mutua l re s p e c t, c o o p e ra tio n, a nd  s ha re d  re s p o ns ib ility. W e  e nc o ura g e  p e e r le a rning , 

g ro up  d is c us s io ns , a nd  c o lla b o ra tive  p ro je c ts . In s uc h a n e nviro nme nt, s tud e nts  b e c o me  a c tive  p a rtic ip a nts  in the ir o wn e d uc a tio n, a nd  

kno wle d g e  s p re a d s  o rg a nic a lly a s  the y le a rn fro m e a c h o the r. This  s e ns e  o f c o mmunity no t o nly e nha nc e s  the  e d uc a tio na l e xp e rie nc e  b ut a ls o  

e mp o we rs  s tud e nts  to  b e c o me  life lo ng  le a rne rs . 

Our g o a l in this  c o urs e  is  fo r yo u to  fe e l c a re d  fo r, c o nne c te d , a nd  c a p a b le  o f p lug g ing  into  yo ur le a rning  c o mmunity. W e 're  g la d  yo u're  he re ! 



How do you believe AI 

d o e s  o r d o e s  no t:

1. Enha nc e  le a rning

2 .Sup p o rts  c ritic a l 

thinking

3 .Alig ns  with e thic a l 

c o ns id e ra tio ns

WHAT IS YOUR 
AI PHILOSOPHY?





AI Grammar 
Tools

AI Text 
Generators

CONSIDERATIONS

AI Paraphasers AI Humanizers



HOMEWORK
You will create an AI philosophy that addresses your 
beliefs on how AI does or does not:

1.Enhance learning
2.Support critical thinking
3.Align with ethical considerations

The philosophy must also include: 
• Clarification on what is considered cheating
• Acceptable AI tool use in the classroom



EXAMPLES OF 
AI PHILOSOPHY 
STATEMENTS 

https://docs.google.com/document/d/1OFxVz0ge4ooE1DH2dlaffbGi6OUDp-ub1JgbGzJYG-Q/edit?usp=sharing


QUESTIONS? 
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The question isn't whether AI works well or not, but how can students get the best education and learn to 
p ro vid e  the  mo s t va lue  to  future  e mp lo ye rs , s o c ie ty, a nd  the ms e lve s , e s p e c ia lly c o mp a re d  to  a  p e rs o n 

witho ut tha t e d uc a tio n.

30,000 FOOT VIEW

Assessments not meeting the pace 
of technological advancement

Banning tools has never been the 
solution to advancement

Onc e  we  ha ve  ma c hine s  tha t c a n d o  a  jo b  
fo r us , p e rha p s  we  ne e d  to  b e  te a c hing  
p e o p le  ho w to  us e  tho s e  ma c hine s , o r 

ho w to  d o  the  jo b s  tho s e  ma c hine s  c a n't  
d o , o r ho w b e s t to  inte g ra te  tho s e  

ma c hine s  into  the ir wo rk.

W e  c a n't  b e  g iving  a  d e g re e  to  p e o p le  fo r a c c o mp lis hing  
s o me thing  tha t a nyo ne  witho ut the  d e g re e  c o uld  d o  e q ua lly 
we ll. Unive rs itie s  a re  p la ying  c a tc h up  o n this  o ne , p ro b ab ly 

b e c a us e  whe n the  e d uc a to rs  g o t the ir e d uc a tio n, the s e  to o ls  
we re n't  a va ila b le  ye t, b ut the y ne e d  to  fig ure  o ut ho w to  ma ke  
the ms e lve s  re le va nt a g a in if the  is s ue  is  jus t tha t a  c o mp ute r 

c a n d o  the  c urre nt a s s ig nme nts  jus t a s  we ll a s  a n 
ind e p e nd e ntly thinking  s tud e nt.
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